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« Zenodo for LVK (This community is devoted to data releases associated with publications by

the LIGO Scientific Collaboration, Virgo Collaboration and KAGRA Collaboration.)
» Sensitivity Design Curve
» Gravity Spy
» |AS Data Release
» PyCBC(AEI) Data Release
» coherent WaveBurst Data Release
» 04 Data Release
» GWTC-3/03b Data Release
» GWTC-2/03a Data Release
» GWTC-1 Data Release
» 01 Data Release
» S5 Data Release

» Others

Data Science Challenge / Competition o swr O star

« Countdowns to ENTRY DEADLINE of popular Data Science Challenges/Competitions. Learn Mare
+ Subscribe to our mailing list for news and updates! 3 Contact: @Telegram or ReiWaChat

Register Login
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email address

Subscribe
Data Mining Computer Vision Natural Language Processing
Reinforcement Leaming/Robatics Speech/Signal Proccessing O Rewaras fiiter

Your current server time: Sat Nov 07 2020 23:42:18 GMT+0800 (

Deep Learning for Geometric Computing - ABC Geometry
Reconstruction Challenge
June 1 - Dec. 31, 2020 /f Host by Codalab & CYPR2020

Note: The ABC Challenge serves as a testbed for common shape analysis

and geometry processing tasks. We supplement the challenge with additional

software libraries, sets of large-scale standardized benchmarks (data splits,

resolutions, and targets), and implementations of evaluation metrics.

Published by: DataSciCamp

The NLC2CMD Challenge (B 515 7 LE %) - NeurlPS 2020
July - Dec 11, 2020 # Host by NeUriPS 2020 /1 Prize: 2,500+ USD

Note: The NLC2CMD Comoetition brinas the nower of natural lanauaae

= https://iphysresearch-visiblegwevents-test-firebase-4v0f1o.streamlit.app/

24 days 08h 17m 40s
Entry Deadline: Tue Dec 01 2020 23:59:59 GMT+0000
75 Google Yahoo! iCal Outiook

33 days 20h 17m 40s
Entry Deadline: Fri Dec 11 2020 11:59:50 GMT

Gooale Yahoo! iCal Outiook

About Us
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https://iphysresearch-visiblegwevents-test-firebase-4v0f1o.streamlit.app/
https://iphysresearch.github.io/blog/project/gwda/#-awesome-data-release

Bonus Slides

e CKAN (FEEUIREEZRS): an open-source DMS (data o VisibleGWStrain: Ai{AEF A1t 01-03{F = —ERATis #iE a0 3
management system) for powering data hubs and TR, BRBUEREFHEXGEE.
data portals.  VisibleGWaveform: o] & i F# n] 11t A~ B IR iC K A2 iR R T
o Streamlit: —MEF Python # Web FiFi2FELS, B H5| DBEIAER (RS, SRIgAleTsaE) .
FINESN. BERENHRATMMEIE, HOREER, o VisibleGWevents: AJ Eif) H A L F X 5| N IR EMIFE E R

(GWTC, O0GCZ) MMMNFESHRENDTITER.

e ‘ FFRMIRIRER AP 800 i
: | f VisibleGWStrain
|
|
| s
| EREIXHPEEDO I BRI — ™ CKAN Ul 5* @ ﬁ%;ﬁg;j;ﬁ VisibleGWEvents
: ' -
|
| I l VisibleGWaveform
: | CKAN #3858
|
I oiRSFa | HiRES l T T
' <1
|
|
| BIERKE
——————————————— ) - <> PostgreSQL EUiEE EEh Hadoop

B 2 31D 1 R B RS 17



Bonus Slides

o FHHAGAF AR
1. Bl 1R BRI ER I a8 AR
2. 5| BRI R AR
= FFRUEHEIREX API 320
» ARG LRI R
o 5| 1EIMELIE (VisibleGWStrain)
o 5| 11iEAEMGEH: (VisibleGWaveform)
o 5| HEBEDITER (VisibleGWevents)
3. So b IBREEREFESZenodo £ AEF HARIDAY
XXk, HESHRE.
o BEME
» AEES|IRRICF LR IR SR FIRA G R (EF
» ERPERZER TR FHZEIEE AR ES
» BEHENFEARSEME
» FEHEEX
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Bonus Slides

o FHHAGAF AR
1. Bl 1R BRI ER I a8 AR
2. 5| BRI R AR
= FFRUEHEIREX API 320
» ARG LRI R
o 5| 1EIMELIE (VisibleGWStrain)
o 5| 11iEAEMGEH: (VisibleGWaveform)
o 5| HEBEDITER (VisibleGWevents)
3. So b IBREEREFESZenodo £ AEF HARIDAY
Xk, HESHRE.
o BEME
» AEES|IRRICF LR IR SR FIRA G R (EF
» ERPERZER TR FHZEIEE AR ES
» BEHENFEARSEME
» FEHEEX
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https://catalog.cardiffgravity.org/

